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Abstract:

Introduction: Charities are becoming more adaptive to advanced digital technologies to capture donors' interest, though traditional marketing
methods are not always able to maximise long-term donor value. This research aimed to analyse Al-powered personalisation in charity
marketing, transforming donor engagement and lifetime value through data-driven campaigns in the UK charity sector.

Methods: The research adopted a primary quantitative design, with data collected via a structured survey questionnaire from a sample of 380
participants. The data were analysed using SmartPLS and structured equation modelling (SEM).

Results: Al-Powered Personalisation had a significant direct impact on Data-Driven Campaigns, Donor Engagement, and Donor Lifetime
Value. Al-Powered Personalisation through Data-Driven Campaigns positively affects Donor Engagement and Donor Lifetime Value. The
role of Al-based personalisation in improving the effectiveness of personalised strategies is partially mediated by data-driven campaigns,
which enhance Al-based personalisation's impact on donor engagement and lifetime value.

Conclusion: The paper contributes to the literature on donor relationship management by integrating Relationship Marketing Theory and
Customer Lifetime Value (CLV) Theory into the concept of Al-based personalisation strategies. Moreover, the results indicate that UK charity
regulators should develop ethical guidelines for Al adoption, promote transparency in donors' work, and assist small-scale charities in adopting
responsible Al-based engagement strategies.

Keywords: Al-powered personalisation, charity marketing, donor engagement, donor lifetime value (DLV), data-driven
campaigns, charity, non-profit sector.

1. INTRODUCTION

The charity sector of the United Kingdom comprises of
168,000 registered charities (Government of UK, 2024) that

retention of donors. (Cherniavska ef al, 2023) depict that
charities in the UK lose almost 50% of new donors in the first
year. At one end, the UK firms operating in the finance and

compete for limited funding resources and attention of donors
(Hibabox, 2023). Conventional charity marketing in the
United Kingdom usually depends on mass marketing
campaigns and generic messaging, which become a failure to
imitate and target donors having varying behaviours (CAF,
2024).  This absence of personalisation of marketing
campaigns through data-driven approaches leads to fatigue
among donors, a decline in engagement rates, and reduced

retail sectors progressively use Al-driven personalisation to
enhance customer experience, retention, and loyalty; the
charity sector, on the other hand, substantially lags behind in
the implementation of these technologies (Williams, 2025).

As a prominent solution to this problem, Al-based
personalisation allows for hyper-targeted, data-driven
engagement that can strengthen donor relationships and
optimise donor lifetime value (DLV) (Onufriyenko, 2025).
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The report of (Zoe Amar Digital, 2024) indicates that average
rates of donations can be increased by 27% (in terms of
frequency of giving) and 32% (in terms of value of a single
donation) when the charity has adopted Al-powered
personalisation techniques instead of generic campaigns. The
major UK charities, such as Cancer Research UK and British
Heart Foundation, are placing bets on predictive analytics and
machine learning algorithms to divide the donor databases,
automate personalised messaging, and identify the churn
(Singh et al., 2022).

In addition, the main challenge facing the non-profit
industry of UK is not necessarily technological adoption but
the strategic value of using Al-powered personalisation to
support donor engagement and DLV without compromising
trust (Sellen & Mdnks, 2024). As a result, the non-profit sector
of the UK fails to meet the regulatory requirements or breaks
the structural integrity of organisations (Khastgir & Shalini,
2024). Personalisation has not been fully utilised by many UK
charities. They are based on antiquated mail merges and CRM
segmentation or introduced by exploiting Al tools without a
thorough analysis of their effects on donor retention and
loyalty, satisfaction, and long-term value (Evans, 2025). This
fragmentary strategy has led to an unsustainable donor
experience, low retention rates (which were never higher than
45% among one-time donors as reported in the Blackbaud
Benchmark (Report, 2024). It led to an added problem of
developing a disconnect amid sophisticated digital campaigns
and genuine, relationship-based donor engagement, the basis
on which charities are formed (NCVO, 2021).

In addition, while present studies (Gooyabadi et al., 2023;
and Jasper et al., 2024) signified Al personalisation as major
driver of donor engagement and DLV, they usually neglected
the mediating role of data-driven campaigns which holds
tendency to translate personalisation in marketing campaigns
to quantifiable donor retention and engagement. Deprived of a
detailed empirical analysis of this mediating mechanism the
comprehension of ways that Al-enabled charity marketing
initiatives impact donor relationships and life-time value in the
long term, cannot be understood. Therefore, this study
addresses this gap by superficially focussing on analysis of
mediating effect of data-driven campaigns on the relationship
between Al-powered personalisation, donor engagement and
lifetime value.

Nevertheless, the question of whether the existing
literature on Al personalisation in the charity sector reflects
the characteristics of the specific interactions between Al and
nonprofits remains unaddressed in existing research
(Gooyabadi et al, 2023; and Jasper et al, 2024), which
explains the necessity to conduct the study on the topic to
explore the impacts of ethical, trust-related, and donor-based
approaches on long-term involvement and lifetime value in
charities in the United Kingdom. This study, thus, by
introducing Relationship Marketing Theory and Customer
Lifetime Value Theory contributes to further literature by
offering an expression of how Al-powered personalisation,
when mediated through data-driven campaigns, can promote
trust, long-term relationships between donors, and long-term

donation behaviour. Contextualising the concept of Al
personalisation in these ethical and relational dimensions, this
research provides a new perspective on technology-based
fundraising and proves that it is possible to create digital
strategies that would increase donor interaction and lifetime
value without affecting trust or mission integrity.

The following research objectives have been drawn for the
current research;

To investigate the cause-and-effect relationship between
Al-powered personalisation in charity marketing and donor
engagement in the case of the UK non-profit sector.

To analyse the impact of Al-powered personalisation in
charity marketing on donor lifetime value (DLV) in the
context of the UK non-profit sector.

To investigate the mediating effect of data-driven
campaigns on the relation of Al-powered personalisation in
charity marketing with donor engagement and DLV.

Hence, the study is anticipated to make major contributions
such as, the current study enhances academic knowledge on
Al applications in non-profit marketing which is mainly
remained explored in the context of commercial business
enterprises and non-profitable area remains unexplored. The
study provides evidence-based insights on ways that UK
charities can amalgamate Al-enabled data analytics to
formulate personalised donor journeys, thus, enhancing donor
acquisition, retention as well as re-engagement. Lastly, in
terms of policy and sector level contribution, the findings
provision the development of frameworks and guidelines for
ethical utilisation of digital and data-driven marketing
campaigns in the UK charity sector which will guarantee
compliance with UK GDPR.

2. LITERATURE REVIEW
2.1. Theoretical Framework

The theoretical framework of the current study is based on
two relevant theories, which are comprised of Relationship
Marketing Theory and Customer Lifetime Value (CLV)
Theory (Firmansyah et al, 2024; Kumar, 2024). The
Relationship Marketing Theory places massive emphasis on
building partnering relationships through longer-term, trust-
based relationships as the key basis of loyalty and
maximisation of stakeholder value (Yau et al, 2021). This
paradigm is of major concern to charities in the UK because
sustainability is achieved when the charity cultivates a
continuing donor relationship as opposed to a single
transaction (Mariani et al, 2022). In contrast to the
transactional strategies, where short-term benefits are of the
essence, relationship marketing emphasises on personalised
engagement, credibility, and mutual trust that should be
maintained between the stakeholders (Pfajfar et al., 2022). In
the context of this study, this perspective plays a crucial role
in sustaining donor commitment among charities, which keeps
the donations recurrent and creates more emotional impetus.
Eventually, it leads to both donor engagement in the long-
term, repeated donations and life-time value creation. Within
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the Al-based personalisation, this theory provides the
reasonableness to UK charity organisations to consider
prioritising the desire to create a significant, data-driven
connection with the donors to develop a sense of long-term
attachment, not just related to the current donations (Rather et
al., 2021).

Besides, CLV Theory offers a quantitative perspective to
consider the monetary value of individual donors with time,
allowing charities operating in the UK to determine the
effectiveness of the personalisation approach that employs Al
in boosting donor lifetime value as one of the most significant
performance indicators of non-profit sustainability (Solow
et al, 2023). Incorporating these theories, the research
critically reviews not only the effects of increased engagement
with the help of Al-powered personalisation but also whether
Al tools can help develop sustainable donor relationships and
create lifetime value.

2.2. Literature Review and Hypotheses Development

2.2.1. Al-Powered
Engagement

Personalisation and Donor

Donor engagement through Al-powered and digital
technologies has received massive attention in the literature
related to charity marketing through data-driven campaigns. In
this perspective, a recent study has been carried out by (Cheng
& Wang, 2025) in the context of the United States’ charity
sector. Adopting a primary quantitative research design, the
data were gathered using a structured survey questionnaire
from a sample of 591 chatbot users of charity marketing.
Applying inferential statistics such as regression analysis, the
author unveiled that Al-powered personalisation, leading to
targeting functional and emotional values, derives donors'
trust, which, according to (Jasper et al., 2024; and Sellen &
Monks, 2024), leads to increased engagement with charity
organisations and eventually sustained donation behaviour.

Although the empirical evidence presented by (Cheng &
Wang, 2025) on the loyalty of donors caused by Al-powered
personalisation promoting donor engagement and trust, the
emphasis on chatbots does not take into consideration the
larger ecosystem of Al tools that affect donor behaviour. This
is compounded by the fact that (Cheng & Wang, 2025) utilise
a U.S.-centred sample, which holds limited transferability
since the UK context. Furthermore, placing emphasis on
emotional targeting, (Jasper et al., 2024) consider one of the
valid aspects of donor engagement, which is emotional
targeting; the researchers did not build a connection between
emotional targeting attained through Al-powered personalised
marketing and long-term donor value, thus leaving an apparent
theoretical gap between emotional appeals and Donor Lifetime
Value (DLV). Likewise, (Sellen & Monks, 2024) focus on
transparency adheres with Relationship Marketing Theory, but
their use of qualitative methods leads to provide insufficient
empirical evidence on how Al-powered personalisation leads
to donor engagement and DLV. Hence, it can be said that
these studies hold strengths in the identification of the key
engagement drivers but do not incorporate the ideation of DLV
and Relationship Marketing Theory, which can be critical in

explaining the role of Al-personalisation in fostering trust,
extending to the maintenance of long-term donor relationships
and DLV in the UK charity context.

Moreover, a similar study was carried out by (Sammer
et al., 2024) to analyse the effects of the AI-FEED web-based
platform on user and donor engagement to address challenges
related to food crisis and nutrition insecurity in the US.
Collecting data through semi-structured interviews from
various food charity service users and donors, convincing
results were drawn that the food charity module is helpful for
charities to develop educational content and envisage client
needs by means of Al-driven tools. The study effectively
depicted ways that AI-FEED eases customised content and
anticipates needs of clients. Though it depends on qualitative
methods restricts generalisation of the results across broader
charity sector contexts. On the other hand, the narrow
emphasis on charities in the food sector and lack of
longitudinal dataset limit comprehension of donor engagement
outcomes over the long-term period. These methodological
limitations make the findings context-specific and less
applicable to wider charity organisation contexts.

Although researchers, including (Cheng & Wang, 2025;
Jasper et al., 2024; and Sellen & Monks, 2024), revealed that
such factors as emotional targeting, trust, and transparency are
the most important drivers of donor engagement, they are
rather descriptive and context-related. The focus of (Cheng &
Wang, 2025) on chatbots in the U.S. limits generalisation
beyond the charity sector in the U.S. and in the wider Al tools
framework. In similar vein, (Sammer et al., 2024) emphasise
the customisation of the content based on Al, but they are
limited to the food charity sector and have qualitative data,
which does not allow making long-term conclusions. A
conceptual mechanism can be based on the Relationship
Marketing Theory (RMT) and the Customer Lifetime Value
(CLV) Theory by assuming that RMT describes how Al
personalisation enhances trust and commitment to
relationship, resulting in long-term engagement, whereas CLV
Theory views engagement as the source of long-term donor
value. Collectively, the two frameworks explain how Al-
enabled personalisation can be helpful to systematically
improve donor interactions, develop persistent relational
loyalty, and eventually increase the lifetime value, which
bridges the empirical evidence gaps in the context of the UK
charity. These arguments lead to the formulation of the first
hypothesis, H1, of the study.

H1: There is a statistically significant impact of Al-
powered personalisation in charity marketing on donor
engagement in the UK non-profit sector.

2.2.2. Al-Powered Personalisation and Donor Lifetime

Value

According to (Alsolbi et al.,, 2023), the personalisation
strategies in charity marketing allow for personalising and
enriching the relationships of the donors, generating relevant,
individualised experiences which, according to Relationship
Marketing Theory, must be critical in expanding donor
lifetime value (DLV). (Day et al., 2025) observe that donor-
focused messages are very important in enhancing retention
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levels, which is a significant factor causing DLV in charities.
Likewise, (Lv & Huang, 2024) revealed that customised
interaction yields an increase in the number of repeat
donations, which directly improves DLV. Nonetheless,
(Shukla & Tripathi, 2025) have found out that impersonal
mass appeals are dangerous to donor attrition and they,
therefore, restrict lifetime donations. (Gooyabadi et al., 2023)
pointed out that predictive personalisation increases lifetime
value, at least in the commercial setting, which means that it
has potential in the charity setting, but there is little empirical
evidence on this. The perspectives create an urgent need to
seek to better understand whether the use of an Al to
personalise an approach to DLV is realistically adding value
to the process. In contrast, (Khastgir & Shalini, 2024) argued
that excessive reliance on data to implement data-driven Al-
powered personalisation can lead to the spread of
misinformation, echo chambers, and the corrosion of trust
amid donors and charity organisations. This is because,
excessive reliance on data-analytics leads to risk of
cybersecurity risks, leak of confidential information and data
breaches which tends to compromise trust of donors on charity
organisations.

In spite of emphasising the role of individual relationships
in the growth of DLV, (Alsolbi et al., 2023) do not discuss
how this can be applied to the real-life scenario of donation
behaviour among various stakeholders, such as donors. The
implication is that such approaches are only effective for
donors who are already engaged. (Day ef al., 2025) implicated
donor-centred messages in retention but do not assess
decreasing returns that can present the issue of message fatigue
when considered aggravated over time. Although (Lv &
Huang, 2024) conclude that customised interaction enhances
repeat donations, they do not state whether it is more cost-
effective, which indicates that customised methods would be
more effective with charities that have large donor bases than
small ones.

Though (Alsolbi et al., 2023) emphasise personalisation as
the factor promoting enriched donor relationships, the research
is only conceptual and does not focus on behavioural
validation, which restricts its practical application. According
to (Day et al., 2025), Al-powered personalisation campaigns
help to attain donor retention, which fits in the short-term
orientation of trust under the light of RMT, but fail to make
conclusive arguments and evidence on the sustainability of
this relationship in the long run. Likewise, (Lv & Huang,
2024) demonstrate that customised marketing campaigns also
increase the donations made by repeat donors; however, the
lack of attention to cost-effective data-driven campaigns as a
mediating factor limits their application in the context of the
charities subjected to scarce financial resources, an essential
component in DLV optimisation. Moreover, (Gooyabadi
et al, 2023) developed these insights of predictive
personalisation in the context of commercial business
enterprises and neglect the charity sector. Together, these
studies support the idea that Al personalisation can empower
donor engagement and DLV, but the fragmentary nature,
theoretical boundedness, and situational constriction of these
studies raise a fundamental concern of whether Al-powered

personalisation campaigns can actually lead to a higher level
of donor lifetime value in the charity sector.

Despite the fact that the previous studies provide evidence
of the significance of individualised engagement in the
motivational process of the donor lifetime value (DLV), the
existing literature has several significant limitations. The
concept of personalised relationships as developed by (Alsolbi
et al., 2023) lacks empirical validation, which reduces its
practical applicability. In contrast, (Day et al, 2025)
emphasise the use of donor-centred messages to retain donors
but fail to address such aspects as the fatigue of the messages
that can weaken donor engagement in the long term. (Lv &
Huang, 2024) show that tailored interactions have higher
repeat donations but do not consider cost-efficiency, which is
a crucial aspect of resource-limited charities. On the other
hand, (Gooyabadi et al, 2023) discuss predictive
personalisation in business, ignoring the need to offer charity
and the concern of trust that is especially relevant to charitable
activities. Based on the Relationship Marketing Theory, the Al
personalisation enhances trust and commitment of
relationships, whereas the CLV Theory considers the long-
term engagement as the driver of the long-term donor value
suggested by (Ali & Shabn, 2024) as well. Combined, these
views demonstrate a serious gap, such as, though Al-based
personalisation has its potential, empirical results on its impact
on improving the effectiveness of the DLV among the UK
charities with ethical, trust, and cost aspects are still limited.
These arguments lead to the formulation of the second
hypothesis, H2 of the current study:

H2: There is a statistically significant impact of Al-
powered personalisation in charity marketing on donor
lifetime value in the UK non-profit sector.

2.2.3. Mediating Effect of Data-Driven Technologies on
AI-Powered Personalisation, Donor Engagement

and Lifetime Value

Formulation of strategy based on evidence using data-
driven technologies has now become a prominent approach to
enhance donor engagement and create lifetime value. In this
similar vein, the study carried out by (Onuche, 2025)
examined ways that adopting data-driven approaches enabled
with Al technologies impacts engagement strategies, resource
allocation, transparency, and boosts trust within stakeholders.
Applying secondary data collection methods and analysing it,
the research unveiled that data-driven technologies such as
predictive analytics enhance operational efficiency of charity
organisations in terms of errors in donor’s fund allocation by
30%. This signifies that the advanced technologies of data
governance enhance transparency in charity organisations,
which eventually boosts the trust of the donors and thus results
in increased donor engagement and lifetime value.

(Werke & Bogale, 2024) unveiled that data-driven
segmentation substantially strengthens the identification of
donors for charity organisations, which improves engagement
precision. Also, (Faruq et al., 2024) revealed that Al-enabled
governance of data enhances the pertinence of charity
messages, which boosts the trust of donors. Similar arguments
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were proposed by (Hasan et al., 2025), unveiling that the
predictive analytics mediate amid personalisation efforts and
behaviour of donors during charity marketing, which amplifies
the rates of donations. Similarly, (Santos, 2025) argued that
the amalgamation of real-time data into data-driven Al-
powered charity marketing campaigns leads to personalisation
of donors’ touchpoints, such as developing an emotional
connection with the noble cause, which impacts donor
satisfaction and results in long-term engagement with the
charity organisation and lifetime value.

Data-driven technologies have become a strategy to
optimise the donor engagement and lifetime value. In this
perspective, (Onuche, 2025) shows that operational efficiency
is made to be enhanced by using Al-powered predictive
analytics, which result in a 30% decline in errors during fund
allocation, and how sound data governance leads to
transparency and trust of donors. On the other hand, (Werke &
Bogale, 2024) underline that donor targeting based on data
enhances the accuracy of the engagement, whereas (Faruq
et al, 2024) demonstrate that data managed by Al makes
charity messages more relevant, which subsequent increases
the level of trust. This is further elaborated by (Santos, 2025)
who shows how real-time data helps to personalise the
touchpoints of the donors, enhancing emotional appeal and
long-term commitment. Combining Relationship Marketing
Theory and CLV Theory, these works propose that Al-based,
data-driven strategies are not only more effective at improving
immediate interactions with donors but are also the base of
long-term engagement and higher donor lifetime value,
although empirical evidence in the context of the UK charity
sector is rather scarce.

Also, (Onuche, 2025) provides a convincing source of
insightful opinions about how Al can improve data strategies
to increase donor confidence and efficiency in operations,
however, the use of secondary data provides the research with
limited causal validity and the context of a business. The point
is that it might not equally applicable to all the charities in the
UK. (Werke & Bogale, 2024) demonstrate that data-driven
segmentation increases the precision of targeting donors,
though they do not look at whether that contributes to the
existence of long-term relations with donors. (Santos, 2025)
associates real-time data incorporation and emotional donor
association but there was no quantitative support which is why
it is hard to determine the intensity of the engagement and life-

Ai- Powered
Personalisation

time value creation. Such shortcomings demonstrate the
necessity of research in specific contexts with empirical basis.
Therefore, this literature finding leads to the formulation of the
third hypothesis, H3, of the current study:

H3: There is a statistically significant mediating effect of
data-driven technologies on the relationship of Al-powered
personalisation with donor engagement and lifetime value.

2.3. Research Gaps

The review of existing literature on the Al-powered
personalisation in charity marketing to impact donor
engagement and lifetime value has encountered several gaps,
which drive motivation to carry out this study. At first, there
is a lack of empirical evidence on the relationship across these
specified variables in the case of the UK non-profit sector, as
recent studies carried out by (Cheng & Wang, 2025; and
Sammer et al., 2024) in the case of USA, which limits
generalisation of the findings on the UK non-profit or charity
sector. On the other hand, a study carried out by (Onuche,
2025) lacks empirical evidence on the relationship amid how
data-driven campaigns enabled with Al in the marketing
practices of charity organisations drive donor engagement and
life-time value. In addition, a theoretical gap persists in the
integration of Relationship Marketing Theory and CLV
Theory in designing Al-driven donor engagement strategies in
the charity industry (Kumar, 2024). Although the two theories
share the fact that they focus on the role of trust,
personalisation, and long-term relational value, their use in the
context of Al-enabled, data-mediated fundraising has received
little research (Madanchian, 2024). This study aims to fill this
gap by critically evaluating the role that Al-personalisation
through data-driven campaigns plays in improving the lifetime
value and donor engagement in non-profit organisations in the
UK through the lens of Relationship Marketing Theory and
CLV Theory.

Therefore, this study is an attempt to bridge this gap and
make novel contributions to the existing conceptual
framework by providing quantitative evidence on how Al-
powered personalisation in charity marketing can derive donor
engagement and lifetime and mediation effects of data-driven
campaigns on the relationship of these variables in the case of
the UK non-profit sector. Hence, the conceptual framework of
the current study is shown in Fig. (1).

e Donor
Engagement
« Lifetime Value

Data-Driven
Campaigns

Fig. (1). Conceptual framework.
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3. RESEARCH METHODS
3.1. Data Collection Methods

The current research has applied a primary data collection
method using a structured survey questionnaire where items
are measured on a 5-point LIKERT scaling system. As per
(Doubleday et al., 2022), LIKERT scaling system allows to
measure rate the intensity of the participant’s response towards
items from 1 being strongly disagree to 5 being strongly agree,
which has also been adopted in this study. The participants of
the study are marketing managers, Information Technology
(IT) managers, donor relationship managers, and brand
managers of charity organisations. The participants are
approached using informed consent and a debrief form on
professional networking platforms like LinkedIn, and official
social media pages of renowned charities operating in the UK,
such as British Red Cross, Oxfam, British Heart Foundation,
WWF-UK, and Marie Curie. After contact was made with the
participants on these platforms, they were shared with
informed and consented, and a debrief form containing details
of the study. Upon consent, a survey questionnaire link,
created on Google Forms (Appendix A), was shared on their
direct messages or inbox.

Since data was gathered through structured self-report
survey adapted from previous studies validated instruments,
this is an effective way of collecting data at large scale, but it
raises issues of perception or social desirability bias. In order
to reduce this, future research is suggested to cross-verify the
survey data with real donation data, system-generated
engagement data or longitudinal observation. The
measurement items are critically modified and pretested to be
clear, relevant and match the constructs of Al-powered
personalisation, data-driven campaigns, donor engagement,
and donor lifetime value.

In addition, the cross-sectional design only provides a
picture of the relationship between Al-powered
personalisation, data-driven campaigns, donor engagement,
and donor lifetime value but does not allow causal inference.
The effects occurring over time are dynamic or reciprocal and
are impossible to capture. Consequently, the longitudinal
designs should be used in future studies to monitor the patterns
of donor behaviour and involvement so that causal and
temporal variations can be drawn. The awareness of this
weakness will prompt a cautious approach to the interpretation
of the results and will prompt further research into how the
aspect of Al-based personalisation would have a long-term
effect on relationships with donors in the UK charity sector.

3.2. Sample Size and Sampling Technique

A total sample size of 380 participants was finalised as it
provides an adequate statistical power. Aligned with (Ledolter
& Kardon, 2020) using G*power software, the estimation of
sample size integrated an unanticipated medium effect size,
significance level (a = 0.05), and the desired power of 0.80.
The study sampled 380 participants of 25 UK-charities chosen
purposely to represent the whole non-profit population in
terms of size, causes, and geographical coverage. IT experts
and marketing managers were contacted to reflect both

organisational and technical insights on Al-based
personalisation. This stratified sampling remained helpful to
guarantee that they are not restricted to one kind of charity but
can be generalised to broader charitable organisations in the
UK. The description of the sampling also makes it more
transparent and replicable in future researches.

An aggregate of 650 respondents was approached, and 390
respondents provided informed consent and filled
questionnaire, with a response rate of 60%; however, after
applying the data cleaning process, 10 responses were omitted
due to invalid or missing values and outliers, leaving 380
responses finally considered for analysis. Moreover, to
mitigate the issue of selection bias, a purposive sampling
technique was employed across several UK charities to
guarantee diverse representation of roles and departments,
while clear inclusion criteria necessitated participants to have
experience with the donor-engagement procedure. In addition,
the non-response bias is addressed by using the method of
(Compton et al., 2019), the study performed an independent
sample t-test to liken statistically significant variances among
early respondents (n1 = 30) and late respondents (n2 = 30),
which allowed to confirm that there was no statistically
significant difference between the non-respondents and late
respondents. This indicated that it ruled out the problem of
non-response bias in the dataset. Common method bias was
tested using Harman’s single-factor test and no bias was found
since the total variance explained was less than 50%.

3.3. Data Analysis Approaches

The data analysis process is carried out using SEM-PLS on
SmartPLS. In the first step, reliability and validity are tested
using Cronbach's Alpha and Composite Reliability as
suggested by (Subhaktiyasa, 2024). Besides, Average
Variance Extracted (AVE) is applied to measure convergent
validity of the constructs. In the next step, discriminant
validity and reliability are tested using Heterotrait-Monotrait
Ratio (HTMT), which, according to (Fauzi, 2022), allows for
analysing if each construct is different and separate from each
construct and there is no issue of multicollinearity. In the last
step, path coefficients are analysed to examine causality
among independent, dependent variables and the mediating
effect using. As indicated by (Baharum et al, 2023),
significance of causality and mediating effect is analysed
using p-values at 0.05 alpha with a 95% confidence interval,
which has also been adopted in the current study.

4. RESULTS
4.1. Demographic Analysis

The demographic profile of study participants is depicted
in Table 1. As per the statistics, it can be observed that male
participation remains higher (55.73%) out of (n = 380). While
female representation is 30.9%. On the other hand, (33.33%)
of the total participants falls within the age bracket of 35-44,
where (27.86%) are 45-54 years of age, with the least
representation (17.45%) of the participants falling within the
age category of 25-34. Moreover, in terms of relevancy of the
participants with the research, it can be observed that (24.74%)
of the participants are donor managers, (21.88%) are
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marketing managers, and (25.52%) are IT managers, among
them (46.755) holds 6 to 15 years of industry experience,
which articulates that the data is collected from relevant and
experienced industry personnel.

4.2. Measurement Model Using Confirmatory Factor
Analysis (CFA)

The results in Table 2 and Fig. 2) depict the outcomes of
the CFA which depicts robust measurement practices within
all variables of the study. The results show high factor loadings
which ranges between (0.785-0.930). On the other hand, in
terms of reliability, it can be observed that the value of
Cronbach’s Alpha and Composite reliability higher than 0.7
complying the condition (o > 0.7) which confirms internal
consistency and reliability of the constructs. Further,
satisfactory convergent validity is also attained, since, values
of AVE in case of all constructs is found to be above standard
of 0.5.

4.3. Discriminant Validity

The test of Discriminant validity allows to examination
how separate and distinct each construct is forming other
elements or constructs of the model framework. It allows to
avoid overlapping between the variables which also ensures
validity of the model through Heterotrait-Monotrait Ratio

Table 1. Demographic profile.

(HTMT) ratio against threshold of 0.85 (Roemer et al., 2021;
Yusoff et al., 2020). The results of the HTMT matrix are
depicted in Table 3, which articulates strong discriminant
validity among the constructs of the model framework has
been attained. This is because, in the case of all constructs in
the model, the HTM ratio is found to be lower than 0.85 which
confirms variable distinctiveness and no conceptual
overlapping.

4.4. Path Analysis

Table 4 shows that the relationships are significant and
strong throughout the model. AI-Powered Personalisation has
significant direct impacts with Data-Driven Campaigns (f =
0.520; p = 0.000), Donor Engagement (§ = 0.525; p = 0.001),
and Donor Lifetime Value (B = 0.448; p = 0.000), proving it is
the key factor to improving engagement and lifetime value.
The findings suggest that AlI-Powered Personalisation is a core
driver, which influences campaign planning, advances donor
engagement, and promotes value-creation. Its impact implies
that charities focusing on personalised, Al-controlled
communication have a tangible effect on the quality of
engagement, maximise campaign success, and improve long-
term relationships with donors, which is why it has a strategic
importance, rather than just statistical one.

Demographic Category Frequency (n) Percentage (%)
Male 172 55.73%
Gender Female 119 30.99%
Prefer not to say 89 23.18%
25-34 67 17.45%
35-44 130 33.85%
Age Range
45-54 107 27.86%
55+ 76 19.79%
Donor Managers 95 24.74%
Marketing Manager 84 21.88%
Job Title/Position
IT Managers 98 25.52%
Brand Manager 103 26.82%
Public Relations 172 44.79%
Department Corporate Communications and Marketing 133 34.64%
IT 75 19.53%
1-5 years 66 12.98%
6-10 years 80 25.97%
Industry Experience
11-15 years 132 20.78%
15+ years 102 18.18%
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Data-Driven Campaigns also have a positive and
significant impact on Donor Engagement (B = 0.197; p =
0.000) and Donor Lifetime Value (f = 0.166; p = 0.010), with
less stable points, which is why it is necessary to indicate Data-
Driven Moreover, Al-Powered Personalisation through Data-
Driven Campaigns positively affects Donor Engagement (f =
0.102; p = 0.001) and Donor Lifetime Value (B = 0.086; p =
0.019) and supports the importance of data-driven approaches
to transforming  personalisation into  performance
improvements. In terms of donor activity and lifetime value,
the data-driven campaigns have a beneficial impact, but rather
moderate, which indicates that it is also necessary to mix
campaigns with strategy-based personalisation. The mediation
analysis highlights the fact that AI-Powered Personalisation is
better implemented into performance improvements when
organised in data-driven strategies, which supports the
importance of focused, evidence-based interventions.

In addition, Table 4 denotes that partial mediation exists in
the links between Al-Powered Personalisation as well as

Table 2. Measurement model using CFA.

Donor Engagement and Donor Lifetime Value, using Data-
Driven Campaigns. These effects cannot be considered minor
since the direct impact of Al-Powered Personalisation on
Donor Engagement (p =0.001) and Lifetime Value (p =0.001)
is significant and has the most considerable coefficient of (f =
0.525) and (B = 0.448), respectively. The fact that Data-
Driven Campaigns mediates the efforts of Al-Powered
Personalisation in creating better engagement with donors and
lifetime value. It implies that although personalisation is
increased further by structured campaigns, Al-based
approaches have a significant direct impact, which confirms to
their strategic significance. In terms of effect size, the results
of f> depicts that Al-powered personalisation applies a
substantial effect on data-driven campaigns (f2=0.371) as well
as donor engagement (f2 = 0.348), and a moderate effect on
donor lifetime value (f* = 0.211). On the other hand, data-
driven campaigns validate merely small effect sizes on donor
engagement (2 = 0.049) and donor lifetime value (> = 0.029),
which signifies a complementary instead of dominant role.

Latent Variables Indicators | Factor Loadings | Cronbach's Alpha | Composite Reliability Average Va;j:]lg)e Extracted

APP1 0.879

Al-Powered Personalisation APP2 0.902 0.852 0.853 0.772
APP3 0.855
DDCl1 0.785

Data Driven Campaigns DDC2 0.902 0.815 0.833 0.730
DDC3 0.872
DE1 0.898

Donor Engagement DE2 0.930 0.885 0.892 0.812
DE3 0.874
DLV1 0.912

Donor Lifetime Value DLV2 0.926 0.901 0.903 0.835
DLV3 0.903

Table 3 Discriminant Validity and Reliability

- Al Powered Personalisation

Data Driven Campaign Donor Engagement

Data-Driven Campaign 0.617 - -
Donor Engagement 0.718 0.547 -
Life Time Value 0.608 0.465 0.731
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Table 4. Path analysis.

- Path Coefficients T Statistics P-Values f-Square
Al Powered Personalisation -> Data Driven Campaign 0.52%%* 12.342 0.000 0.371
Al Powered Personalisation -> Donor Engagement 0.52%** 10.531 0.000 0.348
Al Powered Personalisation -> Life Time Value 0.448%** 7.992 0.000 0.211
Data Driven Campaign -> Donor Engagement 0.197%** 3.503 0.000 0.049
Data Driven Campaign -> Life Time Value 0.166%** 2.566 0.010 0.029
Indirect Effects
Al Powered Personalisation -> Data Driven Campaign -> Donor
Engagement 0.102%** 3.189 0.001
Al Powered Personalisation -> Data Driven Campaign -> Life Time
Value 0.086%** 2.347 0.019

Note: *** indicates significance at 1%, ** indicates significance at 5%, * indicates significance at 10%

Donor Engament DE1
Al Powered / DE2
Personalisation
APP1 0.525 DE3
0.879 /
APP2 €—0.902
0.197 DLV1
0.855 0.448
APP3
DLV2
0.520 I DLV3
Life Time Value
Data Driven
Campaign
0785 0902  0.872
DDC1 DDC2 DDC3
Fig. (2). Measurement model using CFA (showing factor loading, path coefficient and R-squared).
4.5. Model Explanatory Power
Table 5. R-square and model fit.
The model explanatory power is explained through R-
square values which allows to analyse the percentage of
variance in dependent variable is explained by predictors or - R-Square R-Square Adjusted
independent variables (Purwanto & Sudargini, 2021). The
statistical results depicted in Table 5 indicate that 0.27, that is Data Driven Campaign 0.270 0.269
27% of variance, is explained by Al-Powered personalisation.
In addition, in donor engagement, 0.422, that is 42.2% Donor Engagement 0.422 0419
variance, is explained by Al-Powered personalisation, and —
33.6% variance is explained by Life-time donor value. Life Time Value 0.306 0.302




Majestic Global Trends in Marketing & Supply Chain Management (MGTMSCM), 2026, Vol. 2

Ishaq Kalanther

5. DISCUSSION AND HYPOTHESIS ASSESSMENT

5.1. Impact of AI-Powered Personalisation in Charity
Marketing on Donor Engagement in the UK Non-
Profit Sector

HI is supported, with a significant relationship with Al-
powered personalisation resulting in donor engagement and
reaffirming the claim that personalisation is closely related
with the charity sector in the UK. Likewise, a study of (Alsolbi
et al., 2023) within the retailing context determined that Al-
supported personalisation enhances customer contact by
making communication messages more relevant and
emotionally appealing, indicating uniformity across industries
of the ability of Al to promote engagement. In contrast,
(Shukla & Tripathi, 2025) argued on personalisation initiatives
in UK charities, which showed merely incremental benefits in
donor engagement, also pointing at the outdated CRM systems
as the main factors contributing to lesser donor engagement,
as such, indicating technology development as a principal
factor.

Similarly, the findings also align with the claim made by
(Gooyabadi et al, 2023) that the increased proximity of
targeted donor communications powered with Al increases
engagement, and there is a counter-intuitive negative effect
beyond a certain level of personalisation due to its
invasiveness and advanced abilities of modern Al systems to
contextualise messages. The similar results presented can
likely be considered as an indicator of digital maturity because
big, UK charities that have implemented modern Al platforms
are more exact and swifter in developing personalised
marketing campaigns to target donors and improve donor
engagement. Such relationships with UK charities mean that
investing in Al systems can undertake a personalised approach
to their services dynamically and with ethics should be in
focus, where content would be relevant and not violating
privacy limits.

The results are relevant to the current understanding of
nonprofit marketing as they show that Al-driven
personalisation has the potential to enhance relational
relationships and provoke long-term allegiance to donors,
which corresponds to the Relationship Marketing Theory. The
extent of personalisation to engagement is affected by the
organisational factors of digital maturity, CRM sophistication,
resource allocation, and effectiveness is mediated by
environmental factors, including donor expectations and data
privacy norms unveiled in the analysis of (Sellen & Monks,
2024) as well. The findings also highlight that Al-based
engagement tactics should be morally applied, with
personalisation versus privacy to ensure customer trust.
Charities can use Al tools to optimise communication
relevance and responsiveness managerially, but need to
incorporate the governance structures and training
programmes to maintain impact. Hence, the findings underline
the fact that the successful donor engagement strategies in UK
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nonprofit environment are constituted by the technological
capability, the organisational preparedness, and ethical
considerations.

5.2. AI-Powered Personalisation in Charity Marketing on
Donor Lifetime Value in the UK Non-Profit Sector

The results confirm H2, showing that the personalisation
using Al had a significant positive relationship with the donor
lifetime value (DLV), as the notion is capable of developing
long-term relationships with the donor and increasing donor
lifetime value. These findings align with results claimed by
(Day et al., 2025) that personalised marketing campaigns have
been shown to raise donor lifetime value significantly, through
satisfaction and repeat purchases, resulting in the same being
useful in prolonging the giving of donors. Contrarily, (Jasper
et al., 2024) did not support the results of the current study,
revealing that the DLV gains were rather limited among UK
charities. Moreover, the limited impact could be linked to the
unreliable use of or outdated personalisation tactics and lack
of coordination between marketing and donor databases, with
the ability to differentiate through technology and data
variables as the key factors.

In addition, the findings of this study are supported by
(Sellen & Monks, 2024), who reported that long-term results
of emotionally resonant, donor-centric = marketing
communications were that they increased long-term giving.
However, as the charities failed to follow them with consistent
stewardship, their influence dropped; this might be the cause
of the stagnation of DLV even in the wake of personalisation
efforts by some charities (Rather et al, 2021). Hence, the
findings of the current study could be attributed to the
development of Al tools that provide opportunities to maintain
timely and relevant touchpoints. This also aligns with the
principle of long-term and trust-based engagement with
Relationship Marketing Theory, as well as the focus on donor
value maximisation on the basis of individual retention
strategies in the framework of the CLV Theory (Pfajfar et al.,
2022). The implication is that Al-driven personalisation can
play a differentiated role in enhancing DLV of UK charities
and that when. To prevent donor disengagement, guaranteeing
donor retention and developing lifetime value, charities need
to make sure that personalisation attempts are supported with
rigorous data driven practices powered with Al and ongoing
development of strong relationships, and need to strike a
healthy balance between innovation and ethical, transparent
fundraising approaches that offer long-term sustainability to
their fundraising efforts.

5.3. Mediating Effect of Data-Driven Technologies on the
Relationship Of AI-Powered Personalisation with
Donor Engagement and Lifetime Value

The results of H3 reveal research findings indicating that
data-driven campaigns partially mediate the predictive
association of Al-powered personalisation with donor
engagement and donor lifetime value and, therefore, highlight
that the technologies of data play a mediating role but do not
fully explain the connection. In similar vein, the (Khastgir &
Shalini, 2024) study indicated a significant improvement of
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the personalisation effect on donor retention using predictive
analytics, which reveals that data-driven tools can enhance
engagement strategies because of their greater precision and
responsiveness. As a contrast, (Singh et al., 2022) led to the
revelation that charities who extensively relied on the
traditional segmentation but without the real-time data
experienced negligible long-term gains in terms of donation
by a charity, indicating how traditionalization of an approach
can inhibit the benefit of personalisation, which is why
introduction of more modern integration of Al and report data
in this experiment as compared to any traditional segmentation
employed strong results.

Similar to the idea promoted by the Relationship
Marketing Theory, (Day et al., 2025) also discovered that
data-driven transparency positively affected the level of donor
trust. Nevertheless, (Khastgir & Shalini, 2024) also reminded
about the danger of excessive data, which can lead to
deconstructing donors into their transactional aspects and
losing its emotional component and, therefore, disengagement
in the long-run, which the findings of this study did not
indicate, possibly due to the higher individualisation of
outreach done by advanced Al systems without the need to
worry about relationship quality. Such disparities in the
findings imply that the maturity of technologies and
responsible data applications play a pivotal role in determining
the course of events. In the case of UK charities, the
implications are significant; for instance, the use of Al-
personalisation in combination with well-developed data-
driven approaches can bring massive improvements in
engagement and donor lifetime value. However, organisations
need to make sure that data use complements, not replaces,
genuine, true-to-trust relationships on which fundraising
success is built in the long term.

These results build on the insight into Al-based strategies
on nonprofit marketing by demonstrating how data-based
campaigns serve as a partial conduit through which Al-
powered personalisation increases the engagement of donors
and lifetime value as per the Relationship Marketing Theory
and CLV Theory. It is also aligned with the arguments of
(Cheng & Wang, 2025) arguing that the effectiveness of Al-
driven insights in being translated into engagement is
determined by organisational factors, including the ability to
unite real-time analytics and the complexity of data
governance. This is mediated by environmental factors such as
expectations of donors and digital literacy. Thus, the findings
imply that the charities should invest in Al-powered systems
of data and human resources on the managerial level to make
the personalisation strategies responsive, accurate, and ethical.
The findings also indicate that personalisation performance is
enhanced with the help of data-driven campaigns, though, the
success rate of these campaigns relies on the organisational
preparedness and the alignment of Al tools with the donor-
centred practise.

CONCLUSION

This research has investigated how  Al-based
personalisation can enhance donor engagement and lifetime
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value in the UK non-profit sector and has pointed out the
mediating factor of information-led campaigns. The findings
proved the heterogeneous causal indication that Al-powered
personalisation produces a significant and direct positive
impact on the engagement of donors in proving the potential
of this market to modify the interactions between the charity
marketers and the donors by communicating to them with
relevance, in a timely manner, regarding societal needs.

In the same vein, Al-personalisation has had profound
positive impacts in elevating the donor value in terms of
lifetime and demonstrated its ability to DLV and realise
maximum collective donations over a long period. Moreover,
the results of data-driven campaigns were revealed to provide
partial mediation to the relationships between Al-powered
personalisation and donor engagement, as well as lifetime
value, showing that although, when operating alone, Al-
personalisation results in positive outcomes, it becomes even
more effective as a combination of advanced data strategies
increases accuracy and responsiveness of engagement
activities. The findings overall support how charities in the UK
have the potential to be transformed through AI and data
analytics tools, with empirical evidence that funding data-
driven personalisation strategies supported by Al will make a
significant difference both in the short-term engagement of
donors and donor value in the long term. This research
contributes to the literature on nonprofit marketing since it
empirically shows that the wuse of Al-controlled
personalisation, which is mediated by data-driven campaigns,
increases donor engagement and lifetime value. It contributes
to the knowledge of technology-based approaches to
fundraising, incorporating the Relationship Marketing and the
CLYV concepts, and offers a model usable by the nonprofits to
strategically introduce Al tools to the nonprofit, closing the
gap between digital innovation and long-term donor relations
management.

LIMITATIONS OF THE STUDY AND FUTURE
DIRECTIONS

There are several limitations encountered in the current
study, which are comprised of exclusive emphasis on charities
in the UK, which limits the generalisation of the results and
findings produced by the current study to other countries’
charity organisations with diverse rates of technological
adoption and donor cultures. On the other hand, the cross-
sectional research design averts the development of cause-and-
effect associations in the long term amid Al-personalisation,
data-driven campaigns, and donor outcomes. In addition,
dependence on self-reported data tends to introduce social
desirability or response biases that possibly inflate
relationships among the variables.

Future studies, therefore, are required to explore
longitudinal designs to evaluate ways that Al-powered
personalisation and data strategies influence engagement of
donors and lifetime value creation over the period. In addition,
comparative studies across diverse countries and their non-
profit sector tend to generate in-depth insights related to
contextual factors that formulate the effectiveness of Al-
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driven fundraising, donor engagement, and value creation in
the long term. In addition, the amalgamation of qualitative
approaches tends to unveil detailed donor perceptions of Al-
personalisation, at the same time, analysing developing
technologies such as predictive donor behaviour and lifetime
value creation models through machine learning technologies
tends to further improve comprehension of ways that digital
transformation in charity organisations can improve donor
relationship, engagement and lifetime value in charity
organisations.

POLICY IMPLICATIONS

The results suggest that managers of charities in the UK
should focus on ethically and transparently applying Al-
supported personalisation and data-driven campaigns. This
has to be done with clearly set guidelines that will make the
donors feel safe and long-term involvement as they will know
how their data is gathered, stored and utilised. The managers
are suggested to prefer Al systems that dynamically
personalise communications without violating the boundaries
of privacy and without engaging in invasive behaviours. Staff
training programmes and funding to smaller and medium
charities can be used to encourage the fair use of these
technologies. Moreover, the predictive analytics in the
campaign planning can contribute to the effectiveness of
targeting the donors, enhancing satisfaction and life-time
value. Longitudinal studies can be conducted in future to
understand the long-term impacts of Al personalisation on
donor loyalty. Comparative studies on different regional
contexts might uncover contextual variations in the behaviour
of donors, and can serve to shape more versatile Al-based
strategies. Together, these can help charities maximise the
lifetime value of their donors, and be ethical and responsible
in their data use.
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APPENDIX A
Item Response Options
Age [125-34[]35-44[]45-54[]55+
Gender [ ]Male [ ] Female [ ] Non-binary [ ] Prefer not to say

Job Position

[ ] Donor managers [ ] Marketing Manager [ ] IT Mangers [ ] Brand Manager.

Department

[ ] Public Relations, [ ] Corporate Communications, and Marketing [ ] IT

Industry Experience

[]1-5years []6-10 years [ ] 46 years [ | 11-15 years[ ] 15+ years
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The Likert scale options are:

1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree.

Section

Statements

Al-Powered Personalisation

Our charity uses Al to tailor communication specifically to individual donor
preferences.

Al tools in our campaigns provide insights that help personalise donor
experiences.

The use of Al has improved the relevance of our messages to different
donor segments.

Data analytics guides our decisions on when and how to approach donors.

Our campaigns use real-time data to adjust strategies for donor engagement.

Data-Driven Campaigns

Data-driven processes increase the transparency of how donor funds are
utilised.

Donors respond more positively to personalised communications.

Donor Engagement

Personalised approaches encourage donors to engage with our charity more
frequently.

The level of donor interaction has increased since adopting Al-based
personalisation.

Personalised communication has led to higher repeat donations from our
donors.

Donor Lifetime Value

Al-powered strategies have extended the duration of donors’ relationships
with our charity.

The average donation per donor has increased since introducing data-driven
personalisation strategies.
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