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Abstract: 

Introduction: Artificial Intelligence (AI) has revolutionised e-commerce and digital marketing by allowing personalised consumer 

experiences, significantly enhancing engagement and satisfaction. The study investigated the impact of AI-powered preconisation on consumer 

trust and purchase intention among Gen Z consumers in the UK and Pakistan. 

Methodology: Data was gathered through a survey of 376 Gen-Z consumers in both countries. The survey quantified AI-based personalisation, 

consumer trust, and purchase intention by using a 5-point Likert scale. Partial Least Squares Structural Equation Modelling (PLS-SEM) was 

adopted to evaluate the relationships and path coefficients using the data. 

Results: The findings revealed that AI-based personalisation strongly affects consumer trust (β = 0.497, p = 0.000) and purchase intention      

(β = 0.693, p = 0.000). The study did not establish any moderating effect of country of origin on these relationships (p > 0.05). The results 

showed that AI personalisation influences the behaviour of consumers, irrespective of cultures, especially Gen Z consumers who are digitally 

literate. 

Conclusion: The insights of the results support the necessity to incorporate AI in online advertising to enhance consumer trust and loyalty, 

and determine the ethical applications of AI to privacy issues. 

Keywords: AI-powered personalisation, consumer trust, purchase intention, Gen Z, cross-cultural, comparative study.

1. INTRODUCTION 

Artificial intelligence (AI) has disrupted the digital world, 
particularly within the e-commerce and marketing fields, but 
with AI-supported personalisation, it is possible to meet 
unique consumer demands (Ingriana & Rolando, 2025; 
Vashishth et al., 2024). (Wolniak & Grebski, 2023) argue that 
machine learning models and predictive models, as well as 
data analytics tools, enable businesses to deliver personalised 
experiences and recommendations and dynamic presented 
content which can appeal to consumer groups. AI-Powered 
Personalisation is the use of artificial intelligent technologies 
to process consumer data, consumer preferences, and 
consumer behaviour patterns to provide personalized content, 
product suggestions, and marketing messages in real time. 

(Thirupathi et al., 2024) stated that AI personalisation 
revolution drives customer engagement, satisfaction, and 
loyalty building a more appealing shopping experience. The 
use of AI in marketing has permitted brands to anticipate 
customer attitudes and tastes with astounding precision, which 
has boosted an extent of tailoring that could not have been 
achieved previously (Sarin, 2025). An AI-powered global e-
commerce market has been estimated to reach $8.65 billion by 
2025 and is projected to rise to $22.6 billion by 2032, with an 
estimated Compounding Annual Rate of Growth (CAGR) of 
14.6% (Bholane, 2025). It is due to the rise of machine 
learning, data analytics, and consumer behaviour model results 
allowing firms to offer enhanced custom shopping experiences 
to consumers, boosting customer engagement and satisfaction. 
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Moreover, AI-driven personalised digital advertising has 
received an enormous boost, particularly within the e-
commerce sector, where businesses are becoming the slaves of 
capturing attention of their consumers in a crowded and 
competitive market place (Agarwal, 2024; Ziakis & 
Vlachopoulou, 2023). AI technologies allow advertisers to 
develop optimal message delivery, fully immerse users in their 
experiences, and ultimately trigger purchase intentions (Gao et 
al., 2023). Nevertheless, AI-based personalisation impacts on 
purchasing intention and consumer trust are significant to 
future academic research. According to (Sipos, 2025), AI 
allows companies to better satisfy customers and introduces 
concerns about privacy, data protection, and biases in 
algorithms used by consumers in their trust of AI-driven 
systems. (Lazaroiu et al., 2020) states that, trust is an essential 
purchase intention factor in an online environment as 
customers may appeal to platforms and make more purchases 
when they know that their data will not be manipulated. Gen Z 
is the most digitally connected and tech-savvy generations, and 
it is a valuable population segment to understand how 
personalisation enabled by AI works. 

The personalised e-commerce and marketing through AI 
has altered the way businesses are engaged to consumers 
(Bhardwaj et al., 2024; Edberg, 2025). However, the effect of 
AI-driven personalisation, consumer trust, and intention to 
purchase is underrepresented, especially in various cultures. 
Although (Aldboush & Ferdous, 2023) found that AI can help 
improve customer experience through personalised 
recommendations, privacy, data security, and algorithmic 
biases issues have been described, and they might affect trust. 
Trust in consumer behaviour is important because it directly 
influences purchase intention in digital settings. The study 
attempts to fill the knowledge niche of cultural moderation of 
the relationship linking AI-driven personalisation, trust, and 
purchase intention towards the Gen Z consumer segment in 
two different cultural contexts, the United Kingdom and 
Pakistan. The context of the United Kingdom as an advanced 
technological society is juxtaposed with the emerging 
Pakistani digital marketplace, providing a rare opportunity to 
investigate how the differences in apparent cultural 
dimensions of trust and purchase intention are influenced 
through the lens of AI-led personalisation efforts. Therefore, 
the study aims to examine the impact of AI-powered 
personalisation on consumer trust and purchase intention 
among Gen Z consumers in the UK and Pakistan. It analyses 
the relationship between AI-driven personalisation and 
consumer trust across cultural contexts. It further examines 
how consumer trust in AI-powered personalisation impacts 
their purchase intention among Gen Z consumers in the UK 
and Pakistan. 

The relevance of this study is that it can augment 
knowledge about how personalisation through AI influences 
consumer behaviour in different cultures, particularly the Gen 
Z consumer. This consumer group is highly impactful when it 
comes to shaping the future of e-commerce, and their attitudes 
toward personalisation can be very enlightening for business 
owners aiming to enhance customer interaction. By contrasting 
the United Kingdom and Pakistan, this study addresses the 
worldwide and cross-cultural scope of digital marketing 

strategies crucial for multinational brands to excel in overseas 
markets. Moreover, the research outcome will highlight how 
trust plays a role in digital channels and add practical 
implications for companies competing to build consumer 
loyalty as the market becomes increasingly AI-driven. This 
study is particularly timely in 2025 due to the accelerated 
adoption of AI solutions across worldwide e-commerce and 
the ongoing digitalisation of customer trends. The AI industry 
has seen extremely rapid development over the past couple of 
years, and business entities worldwide are trying to adopt AI-
based personalisation techniques to become competitive 
(Achumie et al., 2022). With Gen Z being an emerging and 
powerful consumer group, it is important to examine their 
reaction to these technologies, particularly in a year where e-
commerce and digital marketing are projected to become even 
more central to business success. 

The results of this research inform practical use and 
academic understanding and offer prescriptive guidance for 
businesses wishing to optimise their AI-driven marketing 
strategies. The study contributes substantially to various 
settings. Theoretically, it adds to the knowledge of the effect 
of AI-assisted personalisation on trust and intention to 
purchase, especially in the online environment. Empirically, it 
will provide significant cross-cultural data comparing the UK 
and Pakistan, adding to the global digital marketing literature, 
thus emphasising the difference in culture in customer 
behaviour. In practice, this work offers a viable plan that 
businesses can use to balance personal experiences and trust-
building efforts to engage and retain customers. This study 
proposes the ethical creation and responsible use of AI in 
marketing, whereby the personalisation of the AI must meet 
consumer confidence and privacy considerations. 

2. LITERATURE REVIEW 

2.1. Theoretical Framework 

Fig. (1) Technology Acceptance Model (TAM) explains 
the effect of AI based Personalisation on consumer trust and 
purchase intention, especially when there are cross-cultural 
variations. The model is an information system that explains 
how to encourage users to accept and utilise new technology. 
Within the concept of AI-driven personalisation, TAM can be 
modified to describe the response of Gen Z consumers in the 
United Kingdom and Pakistan to personalised marketing. 
(Winarto & Wisesa, 2024) prove that effectiveness in 
improving user experience directly determine perceived 
usefulness, which overall increases purchase intentions. 
Similarly, (Jayasingh et al., 2025) also mention the role of the 
credibility of AI influencers in facilitating trust and adoption, 
similar to what TAM covers regarding perceived usefulness 
and perceptions of low effort. Country of origin as a moderator 
factor also has a place in TAM since country interviewers have 
different views and perceptions on trust and relevance and 
privacy issues, as explained by (Nugraha et al., 2024). 

Moreover, The Unified Theory of Acceptance and Use of 
Technology 2 (UTAUT2) is utilised as it builds on the 
foundation of the first TAM by adding more aspects to it, 
including hedonic motivation, price value and habit. These are 
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essential in explaining how the consumers especially the Gen 
Z interact with AI-based personalized experiences in e-
commerce. As per (Guo & Zhang, 2024) The UTAUT2 deals 
with emotional and habitual elements of technology 
acceptance in addition to perceived usefulness and ease of use, 
which are specifically pertinent in case of personalised 
shopping experience (Thirupathi et al., 2024). An example is 
hedonic motivation, which explains why an individual may 
enjoy receiving personalised AI recommendations affecting 
the intended behavior to purchase it. In addition, price value 
and habit are also significant in comprehending how 
consumers remain to use AI Personalisation as a result of its 
perceived value and convenience (Vashishth et al., 2024). 

As far as cross-cultural differences are concerned, it is 
crucial to associate the differences between countries with the 
cultural values in terms of such frameworks as Hofstede 
cultural dimensions. According to (Jan et al., 2024), the 
framework by Hofstede provides an understanding of why 
cultural variables, including individualism and collectivism 
and uncertainty avoidance, affect consumer behaviour and 
trust in AI systems. In the present research, cultural differences 
between the UK and Pakistan may be analysed based on the 
dimensions offered by Hofstede, as it allowing for a profound 
insight into the role that AI Personalisation plays in fostering 
trust and purchase intention in the cultural backgrounds of both 
countries (Sipos, 2025). This strategy helps in conducting 
more detailed research on the impact of AI Personalisation on 
consumer behavior in the world market. 

2.2. Hypotheses Development 

The existing body of literature on AI-enabled 
personalisation demonstrates important insights into its 
influence on consumer confidence and consumer behaviours. 
(Nath, 2025) demonstrates that personalisation awareness and 
privacy concerns based on AI favorably affect consumer trust 
and purchase in India, where satisfaction with personalised 
experiences does not directly cause a purchase. (OHiggins & 
Fatorachian, 2025) emphasise that transparency and ethical AI 
governance are critical factors to cultivate trust, and while 
personalised experiences can increase engagement, the issue 
of privacy is one of the factors that continues to pose 
challenges to the personal care industry in the UK and Ireland. 
Similarly, (Matta, 2025) reveals that the effectiveness of 
marketing due to AI-powered personalisation increases 
consumer/customer engagement, but highlights the drop in 
world trust in AI from 54% of all people in 2024 to 62% 
percent in 2019, which shows that Gen Z consumers tend to be 
more sceptical about it. According to the research by (Falah & 
Alghaswyneh, 2025), AI Personalisation and consumer 
engagement are positively linked, and the importance of such 
aspects as data privacy and transparency is essential to the 
ethical aspects of TAM, which revolves around perceived 
usefulness and trust. On the same note, (Teepapal, 2024) 
demonstrates that trust and perceived usefulness play the 
medating role but privacy issues give rise to the effectiveness 
of AI Personalisation in social media, indicating that TAM is 
limited on its efficacy in meeting privacy and ethical issues. 
The results indicate that although TAM describes the effect of 

general acceptance, it should be extended to include such 
ethical aspects to describe the full extent of consumer 
interaction with AI Personalisation.  Although such studies 
provide valuable insights, they lack the reassurance in cases 
when consumer trust is not consistent in varying settings and 
especially miss out on the effectiveness of cultural factors as a 
norm-moderating variable and the investigation of behavioural 
changes over a long period. The following hypothesis is 
proposed based on the above analysis: 

H1: AI-powered personalisation positively impacts 
consumer trust. 

The current body of literature shows key insights about the 
impact of AI-driven personalisation on the purchase intention 
of Gen Z customers. (Bunea et al., 2024) demonstrated that the 
perceived usefulness and ease-of-use mediated exposure to AI, 
usage, and knowledge in influencing the purchase intentions of 
Gen Z based on the Technology Acceptance Model (TAM). 
Their study is, however, a cross-sectional study that limits their 
capacity to understand long-term effects. (Clark, 2025) went 
further to look at the use of AI-powered adverts, where it was 
revealed that the effectiveness of AI on the trust and attitudes 
of Gen Z is hugely influential in their buying behaviour. 
However, the research fails to take into consideration the 
varieties of AI applications, e.g., personalised advertisements 
and recommendations. This is confirmed by (Chandrakumar, 
2024), who emphasises that customised experiences enhance 
customer satisfaction and buying intentions, but she does not 
go further in exploring the psychological factors beyond 
satisfaction, which include cognitive biases. (Sharma et al., 
2025) concluded that personalisation and trust had a positive 
effect on the purchase intention, and perceived intrusiveness 
acted as a negative mediator. This presents a new factor 
between them, but their brief attention on intrusiveness does 
not acknowledge the possibility of privacy concerns. 
(Mohamed & Unsalan, 2025) addressed the issues of brand 
loyalty and repurchase intentions and observed the indirect 
effects of brand image on brand loyalty based on AI marketing. 
Following hypothesis is proposed based on the above analysis. 

H2: AI-powered personalisation positively influences 
purchase intention among Gen Z consumers in the United 
Kingdom and Pakistan. 

Studies on AI-based personalisation and connection with 
consumer trust and country of origin present key insights. (An 
& Ngo, 2025) examine the potential of perceived relevance, 
trust, and usefulness towards AI-based personalised 
advertising in Vietnam and confirm that trust is acquired by 
perceived value as opposed to just personalisation. The 
research is, however, limited by failing to consider cross-
country differences in consumer trust; thus, it cannot be 
applied in different endeavours. (Theocharis et al., 2025a) 
focus on the influence of the location-based variables on Gen 
Z's online purchase behaviour of new technology goods, with 
an emphasis on the role that domestic or foreign e-stores play 
in affecting consumer choice. Insightful as it is, the study does 
not factor in the possible interaction between personalisation 
powered by artificial intelligence and consumer trust in various 
cultural settings. (Zungu et al., 2025) address the importance 
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of self-service based on AI in banking, addressing customer 
experience and trust, but does not reflect on the moderating 
variables such as geographic location or socio-economic status 
which may affect trust in AI in various countries. (Venugopal 
& Prakash, 2025) addresses the effects of digital marketing on 
consumer behaviour in the dairy products sector however, it 
ignores the aspect of AI personalisation as one of the most 
influential forces that determine the determination of trust and 
repurchase. TAM (Technology Acceptance Model) is mostly 
based on perceptions of the usefulness and ease of use, yet it 
does not consider external factors like culture and socio-
economic factors that can play a significant role in consumer 
trust in the use of AI systems. In order to fully determine the 
varied factors that affect consumer behavior, TAM will be 
better off integrating the following contextual factors since 
they play a significant role in the cross-cultural aspects of AI 
adoption. Though the issue of branding influence on Gen Z 
desire to buy technological products is examined in 
(Theocharis et al., 2025b), the study lacks the use of AI-based 
personalisation as a factor that mediates the relationship 
between brand image and consumer trust. 

H3: Country of origin moderates the relationship 
between AI-powered personalisation and consumer trust 
among Gen Z consumers. 

Literature on the moderating influence of country of origin 

on AI-powered personalisation and the intention to purchase 

has some important findings to offer, but also features certain 

limitations. A study by (Winarto & Wisesa, 2024) investigates 

AI influences on the purchase intentions of Gen Z in Indonesia, 

with a particular emphasis on the improvement of hedonic 

value brought by personalised interaction with AI and the 

rising popularity of sustainability. The research study is also 

restricted because the authors consider only one of these 

markets and do not investigate the cross-cultural differences in 

consumer behaviour. (Jayasingh et al., 2025; and Nugraha et 

al., 2024) emphasise the role of such factors as the credibility 

of the AI influencer and country image, but they do not take 

into account the factor of cultural differences, which play a 

crucial role in consumer behavior. The cultural values that 

could affect consumer trust in AI Personalisation and purchase 

intentions are individualism versus collectivism or power 

distance according to Hofstede cultural dimensions (2001). 

This implies that TAM might not be adequate as it fails to deal 

with such cultural factors. (Guo & Zhang, 2024) underline the 

importance of TAM in the prediction of a purchase intention 

in a digital setting, and Hofstede framework (Jan et al., 2024) 

helps to raise awareness of the fact that technology acceptance 

depends on the national culture, and a more culturally specific 

model is required to explain AI adoption in various regions. A 

study by (Phuong & Dat, 2017) examines the effects of 

country-of-origin on consumer purchase intentions in 

Vietnam, with no inclusion or addition of AI as a moderating 

element, which restricts its use in the digital era. 

H4: Country of origin moderates the relationship 
between AI-powered personalisation and purchase 
intention among Gen Z consumers. 

3. METHODOLOGY 

3.1. Data Collection and Sample Size 

The study uses a quantitative research method and survey-

based approach to investigate the impact of AI-driven 

personalisation on consumer purchase intention and trust 

among Gen Z consumers in the UK and Pakistan. The data was 

collected in the form of the online survey that was sent to the 

respondents using multiple online platforms, including 

WhatsApp, email, and social media. These media were chosen 

to be inclusive to as many people as possible in the urban 

boundaries and rural boundaries of the United Kingdom and 

Pakistan so that the sample is diversified across various 

geographical locations. The survey were conducted within four
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weeks and this time was enough to give the respondents time 
to go through the questionnaire at their convenience Appendix 
A. The voluntary aspect of the participation was highlighted in 
the introduction of the survey and all the participants were also 
given clear guidelines on completing the survey. In addition, 
the participants were also made aware that they were free to 
participate in the study since this was completely voluntary and 
they were able to pull out of the study at any time without being 
reprimanded on the same. 

The survey was made in a number of response formats such 
as reverse-scored items to guarantee the trustworthiness of the 
information to overcome response bias. Furthermore, the 
privacy of the respondents was assured by ensuring that the 
respondents were anonymous so that their privacy would be 
ensured and their confidentiality would be preserved during 
the research. The sample of the respondents was selected on 
the basis of purposive sampling; the method was quite suitable 
to the nature of the study since it was necessary to make sure 
that participants possessed appropriate knowledge and 
experience in the domain of the AI-based personalisation and 
online shopping. This sampling approach contributed to a 
greater validity of the sample as it was narrowed down to 
people who were conversant with the nature of the study based 
on consumer behavior in the digital context (Campbell et al., 
2020). 

3.2. Data Analysis 

Data was analysed with the SmartPLS software, which 
utilises PLS-SEM, which is suitable in small samples and the 
measurement of complex relationships between latent 
constructs (Hair et al., 2019; Becker et al., 2023). However, to 
adequately measure the variations between the UK and 
Pakistan, Multigroup Analysis (MGA) concerning PLS-SEM 
is to be applied in measuring cultural variance, as mentioned 
in the title of the study. The argument of a balanced urban vs 
rural sample is not proved and the procedure fails to adequately 
deal with the Common Method Bias (CMV) that must be dealt 
with because of methods such as Harman single factor test. 
Constructs of measurement (AI-PP1 and CT1) are not 
described, operationalised, and referenced appropriately. Also, 
the Country-of-Origin variable must be explained as a dummy 
variable, latent variable or a categorical variable before it can 
be included in the model. 

4. RESULTS 

4.1. Demographics 

The demographic data of the 376 participants indicates that 
there is a balanced performance of the nation and gender. 
62.5% (235) of the respondents showed a key skew towards 
male participants Table 1. The sample size of 18-25-year-olds 
was 100%, which connected with the focus of the current 
research on the Gen Z consumers. On the other hand, country 
representation recorded a balanced representation with the UK 
and Pakistan representing half of the entire sample 50%. This 
even distribution allows a comparative study of the influence 
of the AI-powered personalisation on consumer trust and 
intention to buy in different cultural settings. The findings give 

a concise idea of the participant profile of the study, as 
diversity between genders and geography is established, and 
one particular target population was Gen Z. 

4.2. Measurement Model using Confirmatory Factor 
Analysis 

Cronbach’s alpha and composite reliability are critical for 
assessing the internal consistency of the constructs, as they 
indicate how consistently the items measure the underlying 
construct. According to (Haji-Othman & Yusuff, 2022; 
Cheung et al., 2024), a Cronbach alpha and composite 
reliability value of more than 0.7 indicate sufficient reliability, 
and the values provided in the Table 2 surpass those figures. 

The Table 2 Cronbach Alpha, Composite Reliability (CR) 
and Average Variance Extracted (AVE) demonstrating the 
validity and reliability of the constructs in the Pakistani 
sample. Table 2 depicts that AI-Powered Personalisation has a 
high Cronbach’s Alpha of 0.868 and Composite Reliability of 
0.871 and this is a strong indicator of high internal consistency 
and reliability. The value of AVE of AI-Powered 
Personalisation is 0.791, much above the acceptable level of 
0.50, and this implies excellent convergent validity. In the case 
of Consumer Trust, the Cronbach Alpha is 0.839 and 
Composite Reliability is 0.871 which is satisfactory reliability. 
The AVE of Consumer Trust is 0.754 which is acceptable 
convergent validity. Likewise, Purchase Intention 
demonstrates Cronbach Alpha of 0.873 and Composites 
Reliability of 0.884 as additional evidence of the reliability of 
the construct. The AVE value of Purchase Intention is 0.797 
and this implies that the construct satisfies the qualities of 
convergence validity. These findings suggest that the AI-
Powered Personalisation, Consumer Trust, and Purchase 
Intention constructs have high reliability and valid measure in 
the Pakistani setting. 

Table 3 shows data for the United Kingdom as all 
constructs show good internal consistency as indicated by the 
Cronbach’s Alpha. In particular, the Cronbach’s Alpha of AI-
Powered Personalisation is 0.830 and its Composite Reliability 
is also 0.830, which indicates good reliability. The AVE of this 
construct is 0.746 which in itself supports sufficient 
convergent validity. Similarly, Consumer Trust has Cronbach 
Alpha of 0.784 and Composite Reliability of 0.794 which both 
depict the strong reliability of the construct. The AVE of 
Consumer Trust equals 0.700 and this also meets the 
requirement of convergent validity. The Cronbach’s Alpha of 
0.893 and Composite Reliability of 0.907 of Purchase 
Intention in the UK are high reliability factors. The AVE of 
Purchase Intention is 0.823 which is over the minimum 
requirement of the convergent validity. These results indicate 
that the constructs are clear and reflect reliable constant 
measurement as relates to the UK sample. 

Table 4 shows the findings of the combination of the data 
of both the UK and Pakistan samples, the Cronbach Alpha of 
the AI-Powered Personalisation construct is 0.852 and the 
Composite Reliability is 0.853, indicating a high internal 
consistency in both regions. The AVE of AI-Powered 
Personalisation is 0.772 that is below the required convergent 
validity level. In the case of Consumer Trust, Cronbach Alpha 
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scores are 0.815 and Composite Reliability = 0.834 which 
represent great reliability. Consumer Trust AVE stands at 
0.729, which means that convergent validity is satisfactory. 
Purchase Intention has a Cronbach Alpha of 0.881 and 
Composite Reliability of 0.895 which are both signs of great 
reliability. The AVE of Purchase Intention is 0.808 which 

proves convergent validity. The general findings reveal that the 
constructs employed in measuring AI-Powered 
Personalisation, Consumer Trust and Purchase Intention are 
reliable and valid which assists the validity of the measurement 
model in both UK and Pakistan cultural settings. 

Table 1. Demographics. 

Demographic Variable Category Frequency Percentage (%) 

Gender 
Male 235 62.5 

Female 141 37.5 

Country 
United Kingdom 188 50.0 

Pakistan 188 50.0 

Total Participants - 376 100 

Table 2. Construct validity and reliability (Pakistan). 

Latent Constructs Indicators Factor Loadings Cronbach's Alpha Composite Reliability Average Variance Extracted (AVE) 

AI-Powered Personalisation 

AI-PP1 0.895 

0.868 0.871 0.791 AI-PP2 0.914 

AI-PP3 0.858 

Consumer Trust 

CT1 0.811 

0.839 0.871 0.754 CT2 0.906 

CT3 0.885 

Purchase Intention 

PI1 0.893 

0.873 0.884 0.797 PI2 0.938 

PI3 0.845 

Table 3. Construct validity and reliability (United Kingdom). 

Latent Constructs Indicators Factor Loadings Cronbach's Alpha Composite Reliability Average Variance Extracted (AVE) 

AI-Powered Personalisation 

AI-PP1 0.895 

0.830 0.830 0.746 AI-PP2 0.914 

AI-PP3 0.858 

Consumer Trust 

CT1 0.811 

0.784 0.794 0.700 CT2 0.906 

CT3 0.885 

Purchase Intention 

PI1 0.893 

0.893 0.907 0.823 PI2 0.938 

PI3 0.845 
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Table 4. Construct validity and reliability (Overall). 

Latent Constructs Indicators Factor Loadings Cronbach's Alpha Composite Reliability Average Variance Extracted (AVE) 

AI-Powered Personalisation 

AI-PP1 0.895 

0.852 0.853 0.772 AI-PP2 0.914 

AI-PP3 0.858 

Consumer Trust 

CT1 0.811 

0.815 0.834 0.729 CT2 0.906 

CT3 0.885 

Purchase Intention 

PI1 0.893 

0.881 0.895 0.808 PI2 0.938 

PI3 0.845 

As noted in Table 5, the construct discriminant validity in 
the study was examined employing Heterotrait- Monotrait 
(HTMT) ratio as one of the most important measures 
pertaining to confirming that the constructs are empirically 
disparate and no multicollinearity exists between them 
(Rasoolimanesh, 2022). (Rönkkö & Cho, 2022) have proposed 
that the values of HTMT estimate should be less than 0.85 to 
establish acceptable discrimination validity, and these values 
in Table 5 are comfortably below this value. An example is 
that the relationship between AI-Powered Personalisation and 
consumer trust is 0.635 that is a moderate relationship but not 
above 0.85 justifying distinctiveness of these two constructs. 
The relationship between AI-Powered Personalisation and 
Purchase Intention (0.722) and between Consumer Trust and 
Purchase Intention (0.569) supporting that the constructs do 
not overlap excessively. 

Table 5. Discriminant validity. 

HTMT 

AI Powered Personalisation <-> Purchase Intention 0.722 

AI Powered Personalisation <-> Consumer Trust 0.635 

Purchase Intention <-> Consumer Trust 0.569 

Path coefficient shows interesting connections among the 

constructs of the study. AI-Powered Personalisation has a 

statistically significant and strong positive impact on 

Consumer Trust (β = 0.497, p = 0.000) and Purchase Intention 

(β = 0.693, p = 0.000). These findings show that the more 

people are exposed to AI-powered, personalised material, the 

greater the consumer trust and the desire to buy. The 0.000 p-

values for both associations affirm strong statistical 

significance, pointing out the influential role of AI 

personalisation in consumer confidence building and 

purchasing inclination. As (Chinnaraju, 2025) contend, such 

significant and high path coefficients form a solid rationale for 

testing and justifying mediation analysis in PLS-SEM models. 

These findings suggest that AI-based personalisation is a 

strong driver that has direct impacts on trust and on buying 

intention and thus represents a key strategic element for 

companies that want to optimise customer engagement and 

sales. 

On the other hand, Country of Origin relationships are 

weaker in their contribution to consumer trust and purchase 

intention. The path coefficients from Country of Origin to 

Consumer Trust (β = 0.143, p = 0.083) and Country of Origin 

to Purchase Intention (β = 0.057, p = 0.451) are both weak and 

not statistically significant, with p-values higher than the cut-

off value of 0.05. This would suggest that Country of Origin 

has little or no direct effect on consumer trust or buying 

behaviour within this study. Furthermore, the moderating 

effect of Country-of-Origin x AI-Powered Personalisation on 

Consumer Trust (β = 0.072, p = 0.446) and Purchase Intention 

(β = -0.101, p = 0.277) is not statistically significant either, 

confirming the notion that Country of Origin does not exert 

any statistically significant moderating effect on the effect of 

AI Personalisation on the aforementioned outcomes. 

4.3. MICOM 

Table 6 presents the analysis of measurement invariance 
between the groups using MICOM analysis. In the case of AI-
Powered Personalisation, Step 2 has a permutation p-value of 
0.707, which is the Partial measurement invariance, and the 
Full Measurement Invariance is not attained because the 
variance difference p-value of 0.037 is not significant. In the 
case of Consumer Trust step 2, the permutation p-value is 
0.413, meaning that there is partial invariance, Full 
Measurement Invariance occurs, because the difference in 
variance p-value of 0.306 indicates that there is no significant 
difference between the groups. Equally, in the case of Purchase 
Intention, the permutation p-value of 0.787 in Step 2 implies 
Partial Measurement Invariance and Full Measurement 
Invariance is also established with a p-value of 0.787. The 
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implication of these results is that Consumer Trust and 
Purchase Intention have measurement invariance across the 
groups but AI-Powered Personalisation does not have full 
invariance implying that there are slight changes within the 
groups. 

4.4. Path Analysis 

Table 7 shows the results of the Pakistani sample show that 
AI-Powered Personalisation affected Consumer Trust 
significantly (β = 0.592, p = 0.000). This implies that artificial 
intelligence-based personalisation has a positive effect on 
consumer confidence in Pakistan. On the same note, the effect 
of AI-Powered Personalisation on Purchase Intention displays 
a significant level of importance with a coefficient of 0.624 
with a significant p value of 0.000, which indicates that AI 
personalisation is a strong predictor of purchase intention. 
Both the relationships have statistically significant effects 
whose p-values are much lower than the p-value of 0.05 
indicating the importance of AI in influencing the development 
of trust and purchase behaviour in the Pakistani market. 

Table 8 illustrates the path coefficients in the United 

Kingdom indicate that AI-Powered Personalisation positively 

influences Consumer Trust (β = 0.475, p = 0.000), but not as 

strongly as it is the case in Pakistan. The impact of AI-Powered 

Personalisation on Purchase Intention in UK is stronger (β = 

0.646, p = 0.000) which implies its powerful impact on 

influencing purchase behaviour. The p-values in the two 

relationships are less than 0.05, which means that AI 

personalisation is not a substantial predictor of consumer trust 

and purchase intention in the UK. These results support the 

notion that personalised experiences driven by AI play a very 

important role in consumer behaviour in the UK market. 

In the process of combining the data in both the UK and 
Pakistan, the aggregate path coefficients show the pervasive 
impact of AI-Powered Personalisation in Table 9. In the case 

of Consumer Trust, (β = 0.535, p = 0.000) which means 
significant positive effect. Likewise, AI-Powered 
Personalisation has the positive effect on the Purchase 
Intention, (β = 0.632, p = 0.000), which confirms that it has a 
strong influence in the two regions. These results imply that 
the role of AI-based personalisation as a critical factor in 
building trust and purchase intention is highly significant in 
both cultural settings, and the correlations are significantly 
important. The findings support the universal effect of AI 
personalisation on consumer behaviour. 

Table 10 reflects PLS-MGA results. It shows that cross-
country differences for both relationships. AI-powered 
personalisation shows negative impact on consumer trust and 
weak positive impact on purchase intention. The significant 
Welch-Satterthwaite test affirms that these effects differ 
meaningfully between the groups. The analysis shows that 
country of origin moderates the effect of AI-powered 
personalisation. Specifically, strength and significance of its 
influence on consumer trust and purchase intention differ 
across groups, reflecting that the relationship is moderated by 
the country of origin.  

4.5. Model Explanatory Power 

Table 11 shows the values of the R-squared indicating the 
explanatory power of the model concerning each dependent 
variable. In the case of Consumer Trust, the R-squared value 
is 0.286, which indicates that the model predicts 28.6% of the 
variance in consumer trust given the constructs incorporated. 
The R-squared value of Purchase Intention is 0.400 Table 11. 
This signifies that the model explains 40% of the variation in 
the purchase intention. These R-squared values indicate that 
although the model delivers valuable information, there is still 
a significant proportion of variance left uncovered, which 
suggests the existence of other factors that the model does not 
capture and may affect the results. 

Table 6. MICOM. 
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AI Powered Personalisation 1 0.999 0.707 YES 0.091 (-0.182, 0.188) 0.348 -0.301 0.037 NO 

Consumer Trust 1 0.995 0.413 YES -0.094 (-0.203, 0.192) 0.342 -0.144 0.306 YES 

Purchase Intention 1 0.998 0.787 YES 0.002 (-0.190, 0.196) 0.987 -0.047 0.787 YES 

Table 7. Structural model (Pakistan). 

 
Coefficients T Statistics P Values 

AI Powered Personalisation -> Consumer Trust 0.592 11.166 0.000 

AI Powered Personalisation -> Purchase Intention 0.624 13.498 0.000 
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Table 8. Structural model (United Kingdom). 

 
Coefficients T Statistics P Values 

AI Powered Personalisation -> Consumer Trust 0.475 8.552 0.000 

AI Powered Personalisation -> Purchase Intention 0.646 15.528 0.000 

Table 9. Structural model (Overall). 

 
Coefficients T-statistics P-values 

AI Powered Personalisation -> Consumer Trust 0.535 13.517 0.000 

AI Powered Personalisation -> Purchase Intention 0.632 19.304 0.000 

Table 10. PLS-MGA. 

  PLS-MGA Welch-Satterthwaite   

Relationship  Beta P-value T-value P-value Decision 

AI Powered Personalisation → Consumer Trust -0.117 0.037 9.531 0.027 Supported 

AI Powered Personalisation → Purchase Intention 0.022 0.062 9.358 0.021 Supported 

Table 11. Predictive relevance and quality assessment. 

 
R-Square R-Square Adjusted 

Consumer Trust 0.286 0.285 

Purchase Intention 0.400 0.398 

5. DISCUSSION 

The study examined the impact of AI-powered 
preconisation on consumer trust and purchase intention among 
Gen Z consumers in the UK and Pakistan. The results of the 
study support the hypotheses suggested concerning the effect 
of AI-based personalisation on consumer trust and purchase 
intention, in this case, with Gen Z consumers in the United 
Kingdom and Pakistan. The overall model and both UK and 
Pakistan samples supported hypothesis H1, which stated that 
AI-powered personalisation has a positive effect on consumer 
trust. This is in line with the literature that highlights the great 
importance of AI-driven personalisation in breeding customer 
satisfaction and engagement (Thirupathi et al., 2024; Wolniak 
& Grebski, 2023), which reveals that personalised experiences 
create more trust. Besides, the predictive capabilities of AI in 
determining consumer behavior with accuracy have brought 
about new opportunities to consumer loyalty and product 
relevance (Sarin, 2025). This is in line with Technology 
Acceptance Model (TAM) where a positive perception of 

usefulness and ease of use go a long way to increase consumer 
trust and purchase intentions (Vashishth et al., 2024). 
Additionally, H2 postulated a positive effect of AI 
personalisation on purchase intention was also substantiated, 
with the strong path coefficients. These findings are aligned 
with the literature that has demonstrated the importance of AI-
mediated personalisation in the process of making the 
purchasing choice in the online setting (Agarwal, 2024; Ziakis 
& Vlachopoulou, 2023). 

Regarding the cross-cultural comparison, the study 
demonstrates that there are no significant variations between 
the influence of AI personalisation on consumer trust and 
purchase intention in the United Kingdom and Pakistan. This 
is in line with the developing range of research which argues 
that Gen Z consumers, due to the combination of global digital 
connectivity, also hold similar views toward AI-powered 
personalisation, irrespective of cultural context (Nayak et al., 
2025). The results are contrary to the existing literature that 
highlighted the moderate nature of Country of Origin in 
determining consumer trust and buyer behavior (Gallery, 
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2024; Nugraha et al., 2024). Although the cultural dimensions 
differ greatly, which are presented by (Hofstede, et al., 2021), 
such differences include individualism vs. collectivism, 
indicating that AI-based personalisation crosses over the 
cultural boundaries, especially among digital-sophisticated 
Gen Z consumers. It is consistent with the findings of (Guo & 
Zhang, 2024) who suggest that AI personalisation is appealing 
to younger, tech-focused consumers everywhere. 
Consequently, this paper assists in the argument that AI 
personalisation is a worldly-popular phenomenon and can be 
combusted and equalized to different cultural backgrounds to 
achieve consumer interaction. 

Moreover, the study showed challenges with regard to 
privacy and ethical use of AI, which were observed to have an 
effect on consumer confidence. Many of these issues were also 
mentioned in the literature (Sipos, 2025; Lazarou et al., 2020), 
and they were essential to comprehend how consumer trust in 
AI can be built or lost. The findings support the conclusions 
made by (Jayasingh et al., 2025), who highlighted the 
significance of transparency and ethical AI governance when 
establishing trust. One of the factors that affected the purchase 
intention was the privacy concerns where the consumers tend 
to trust the AI systems that will not compromise the security 
of their data or misuse of the personal information. This creates 
serious consequences in companies that will tap into AI-
powered personalisation: ethical AI schemes and data privacy 
guidelines should become the central focus of the companies 
that do not want to lose consumer trust and loyalty, especially 
in the markets that are more suspicious of AI-driven data 
misuse. 

Moreover, H3 and H4 were not supported in this study as 
far as the moderating role of the Country of Origin is 
concerned. H3 indicated that cultural aspect of Country of 
Origin is not a factor in the context of AI-driven 
personalisation to determine consumer trust. The results did 
not support the H4, which hypothesized that Country of Origin 
mediates the relationship between AI-powered personalisation 
and purchase intention. This result is against the previous 
research which highlighted the likely role of country image on 
consumer attitude, especially the trust in electronic platforms 
(Nugraha et al., 2024). One of the possible explanations of this 
difference is that the impact of AI personalisation is so 
influential that it suppresses the factors of culture and 
geography. This observation is in line with the Gen Z being 
global, where though their cultures may vary, they all have 
common digital behaviors and preferences, hence more 
vulnerable to the personalized experience offered by AI across 
markets. Therefore, the research confirms the idea that AI 
personalisation is not limited by cultural contexts and country 
of origin, especially when it comes to consumer trust and 
intention to buy. 

The findings of this study are especially relevant to those 
who sell to Gen Z. As this generation goes on to define the next 
generation in the e-commerce environment, the online 
marketing strategies should be adapted towards the most 
effective way of accessing the power of AI. Through 
individualised experiences, companies can help achieve and 

build long-term brand loyalty by facilitating engagement. This 
research work also highlights the ethical AI controls and 
information privacy, which are increasingly becoming 
significant to the consumers to the technologically advanced 
consumers. The study’s findings may encourage policymakers 
and AI engineers to emphasise transparency and fairness in AI 
applications, so AI systems receive equitable and ethical 
deployment in the marketing environment. As personalisation 
becomes stronger with AI, businesses that lead in ethics and 
trust will be better placed to compete in the digital economy. 

CONCLUSION 

The study demonstrated that AI-based personalisation has 
a strong effect on consumer trust and purchase intention among 
Gen Z shoppers in the United Kingdom and Pakistan. The 
findings lean towards the key presence of AI-based 
personalisation, particularly among digitally engaged shoppers 
who rank experiences as top preferences. While the country of 
origin did not mediate these effects, privacy concerns and 
ethical concerns surrounding AI are paramount in shaping 
consumer purchasing intention. The results hold important 
implications for firms wishing to expand consumer 
engagement and build lasting trust with AI-driven initiatives. 

LIMITATIONS 

The study was based on a survey questionnaire and only 

looked at Gen Z consumers. It may potentially restrict the 

generalizability of findings across age groups or demographic 

groups that might respond differently to AI-powered 

personalisation. Additionally, although the sample size was 

adequate, it might not represent the universe of global 

consumers, especially from less digitally evolved regions.  

POLICY RECOMMENDATIONS 

The study demands for more robust data privacy policies to 
protect consumers against potential abuse of their personal 
information by AI systems. The UK and Pakistani 
governments are required to make AI-powered marketing 
approaches transparent through the imposition of clear 
disclosure of how consumer information is collected and used. 
Policies should also promote ethical use of AI, including data 
protection measures and openness in AI algorithms, to build 
consumer trust in such emerging technologies. 

FUTURE IMPLICATIONS 

Long-term effects of AI personalisation on consumer 
behaviour and how purchase intent and trust develop over time 
might be explored in follow-up studies, as this will add 
innovative insights into the lasting impact of AI on consumer 
decisions and trust. The psychological aspects of consumer 
responses to AI, such as cognitive bias, would also be worthy 
of study by academics, as would other cultural settings, to 
further understand cross-cultural differences. Further research 
could investigate how various AI tools, as well as targeted 
advertising, influence consumer interaction and loyalty across 
various market segments. 
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APPENDIX A 

Section A: Demographic Profiles 

1) Gender  

a) Male 

b) Female 

2) Age  

a) 18-24 years 

3) Country  

a) United Kingdom 

b) Pakistan 

Section B: AI-Powered Personalisation 

Rate the following based on the 5-point scale as below. 

1 = Strongly Disagree, 2 = Disagree, 3 = Neutral,                      
4 = Agree, 5 = Strongly Agree 

 1 2 3 4 5 

I often encounter personalized content 

(recommendations, advertisements) when 

shopping online. 

     

Personalized shopping experiences 

(based on my preferences) improve my 

overall online shopping experience. 

     

I trust the recommendations made by AI-

powered systems during my online 

shopping. 

     

Section C: Consumer Trust 

Rate the following based on the 5-point scale as below. 

1 = Strongly Disagree, 2 = Disagree, 3 = Neutral,                     
4 = Agree, 5 = Strongly Agree 

 1 2 3 4 5 

I trust online platforms that use AI to 

personalize my shopping experience. 

     

I believe AI systems are transparent in 

how they use my data for 

Personalisation. 

     

I am confident that my data is safe when 

used by AI systems for personalized 

marketing. 

     

Section D: Purchase Intention 

Rate the following based on the 5-point scale as below. 

1 = Strongly Disagree, 2 = Disagree, 3 = Neutral,                          
4 = Agree, 5 = Strongly Agree 

 1 2 3 4 5 

I am more likely to purchase a product 

after receiving AI-powered personalized 

recommendations. 

     

Personalized ads based on my 

preferences increase my intention to buy 

a product. 

     

If an e-commerce platform offers 

personalized experiences, I am more 

likely to make a purchase from them. 
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